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Abstract—Tactile Internet (TI) is an emerging paradigm of
the Internet of Things that exploits the Wireless Body Area
Network wherein free-hand gestures are used as human/computer
interface. The recently introduced Radiofrequency Augmentation
Devices (R-FADs), which are assistive tools for sensory impaired
people, can be considered also a promising enabler for TI. The
core of R-FAD systems is a wrist reader and a fingertip sensor
tag. An R-FAD for ’sensing’ of dielectric objects can provide the
users with feedback about the touched material. In this paper,
we evaluate the variability of an R-FAD response on a personal
basis. Results revealed that the user-specific variability can be
mitigated by performing a calibration with respect to a highpermittivity material.
Index Terms—Body-Area Internet of Things, Finger Augmentation Devices, Multi-state antennas, Radiofrequency Identification, Self-tuning IC, Tactile Internet

I. I NTRODUCTION

Figure 1. Concept of an R-FAD system for sensing of the dielectric constants
in a 5G environment.

The recently introduced Tactile Internet paradigm consists
of using hand gestures as human-computer interfaces to give
input to a system and return an audio or video feedback to
the user [1]. To avoid any sensorial dissonance between the
input and the output and the resulting cybersickness [2], a
very low reaction latency is required. The upcoming 5G is
therefore considered an enabling technology for the Tactile
Internet applications [3] ranging from healthcare to traffic,
creating the idea of the Internet of Skills [4].
Electronic surfaces placed on the finger are usually referred
to as Finger Augmentation Devices (FADs); these devices are
designed with the aim to either restore lost senses or give the
user a new sensorial ability, called ultrability [5]. For example,
a FAD for the aid of multiple sclerosis patients is described
in [6], whereas a fingertip screen was designed in [7]. The
proposed FADs are mostly wired devices, hindering freehand
gestures and thus resulting uncomfortable for the user. By
using the Radiofrequency IDentification (RFID) paradigm and
by exploiting fingertip-worn tags for sensing, the R-FAD
systems were created. Pioneering R-FADs were designed and
tested for restoring the thermal feeling [8] and for studying
the cognitive neural remapping [9].

The major limitation of current R-FAD systems consists
of the interruption of the wrist-finger communication link that
occurs when the fingertip tag touches an object. This critical issue was recently mitigated by integrating self-tuning microchip
transponders into the fingertip tag, such as the Impinj Monza
R6 [10] and the AXZON Magnus-S3 [11]. These ICs are able
to adjust their internal capacitance depending on the variable
boundary conditions [12], thus providing the tag with some
insensitivity to the dielectric nature of proximal/contacting
objects. Self-tuning tags for sensing temperature [13] and
water content [14] have already been successfully tested. In
particular, the use of an R-FAD system exploiting the selftuning for sensing the dielectric permittivity (Fig. 1) of the
touched object was proposed in [15], with the aim to aid
visually and sensory impaired people through a new ultrability.
Following the proof-of-concept in [15], this paper investigates
the variability of the response of the R-FAD system with selftuning tags on an individual basis, to introduce a calibration
procedure aimed at providing useful and robust data for the
automatic recognition of touched objects.
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Figure 2. two-port network model of the fingertip-reader link. The self-tuning
IC is accounted for by a variable capacitance whose value is a dynamic
function of the susceptance Bout seen from the IC terminal.

II. S ELF - TUNING A NTENNAS AND T WO -P ORT M ODEL
Integrated Circuit (IC) transponders provided with the selftuning feature have an analog front-end with a variable capacitance, which dynamically changes its value to maximize
the power collected by the circuit [16]. The radiofrequency
equivalent input admittance of the IC is YIC = GIC +jωCIC ,
thus it can be modelled as a conductance in parallel to a
switchable ladder network of equal capacitors. The overall
microchip capacitance therefore is:
CIC (n) = Cmin + nCstep

(1)

where Cmin is the baseline of the network, Cstep is the
incremental capacitance step and Nmin ≤ n ≤ Nmax is the
Sensor Code (SC), an integer number accounting for the retuning quantization. Denoting with YA (ε) = GA (ε) + jBA (ε)
the admittance of the tag’s antenna when a tag contacts a
dielectric material with permittivity ε, the equivalent capacitance of the self-tuning IC CIC (n) adjusts automatically to
compensate the susceptance mismatch with the antenna so that
the following self-tuning matching condition is enforced:
|ωC IC (n) + BA (ε)| = 0

(2)

Figure 3. Components of the R-FAD under test: 1) fingertip tag consisting
of a wire dipole with loop match and 2) wrist reader antenna in the form of
a folded patch.

The Transducer Power Gain (GT ) is used as the performance metric of the system:
GT =

(3)

where PR→T is the power delivered by the reader to the
chip while Pav,R is the available power emitted by the reader
generator. Assuming a reciprocal network, and following a
dual approach than in [19], it is possible to demonstrate that
the input admittance Yout seen by the IC port is:
Yout = Gout + jBout = Y22 −

2
Y12
Y11 + Yg

(4)

where the reader is placed at port 1, the IC at port 2 and
Yg = Gg + jBg is the admittance of the reader generator.
Therefore the input susceptance seen by the IC port is:


2
Y12
(ε)
Bout (ε) = Im Y22 (ε) −
(5)
Y11 (ε) + Yg
It is possible to demonstrate that the transducer power gain
expression can be hence written as:
GT =

According to the above model, the self-tuning is expected
to stabilize the antenna performances while touching different
materials by compensating the mismatch between the antenna’s susceptance and the IC’s one. Noticeably, the selftuning does not compensate for the eventual conductance
mismatch between the antenna and the IC caused by the
conductivity of the contacted material. The SC is inversely
proportional to the permittivity of the touched object as
demonstrated in [15], thus it can be exploited for sensing
applications. Unlike the analog sensing that is based on
processing the amplitude and phase of the backscattered signal
[17], the Sensor Code is immune to the propagation noise and
artefacts [18] since it is a digital metric.
In UHF R-FAD systems the antennas of the wrist reader
and the fingertip tag are placed at a close distance so that a
two-port network is used to model the coupling effects. The
two-port model in Fig. 2 accounts for both the electromagnetic
coupling and the self-tuning, and it is based on the Norton
equivalent circuit involving the Admittance matrix [Y].

PR→T
Pav,R

4Gg GIC |Y12 |

2

2|
|(Y11 + Yg ) (Y22 + YIC ) − Y12

2

(6)

where YIC = GIC + jωCIC (n) follows the self-tuning
matching condition.
III. T HE R-FAD SYSTEM
The considered R-FAD platform (Fig. 3) comprises: a patchlike wrist interrogator and a soft fingertip meandered dipole
made by thin wire and coupled to a small excitation loop which
embeds the self-tuning chip (Magnus-S3 IC from Axzon [11]).
The manufactured prototypes are shown in Fig. 4. Fig. 5
reports the comparison of the simulated1 and measured transducer power gain. Measurements were performed on a female
volunteer wearing the R-FAD system in three reference hand
gestures: open hand, pointing and prehension. A 4 dB difference between simulation and measurements is achieved at 870
MHz, mainly due to the differences between the real hand of
the volunteer and the simplified numerical hand model in Fig.
1 Numerical

simulations by CST Microwave Studior 2019
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Table II
D IELECTRIC PROPERTIES OF THE LIQUID SELECTED FOR TESTING
(f = 870 MH Z ).

Figure 4. Prototypes of the wrist antenna and of the soft fingertip tag.

Figure 6. Measurement setup for testing. a) Pointing and b) prehension
gestures. c) Bottles filled with ethyl alcohol, olive oil and vinegar touched
by a volunteer performing the prehension gesture.

Figure 5. The simulated and measured transducer power gain of the R-FAD
system for three different hand gestures.

3. The different hand gestures have instead negligible effects
on the performance parameter.
IV. S ET UP AND MEASUREMENTS
Four volunteers tested the sensing capabilities of the system:
two females and two males having different hand sizes (Tab.
I). They were asked to wear the system and touch three bottles
made of polyethylene terephthalate (thickness: 0.3 mm) filled
with liquids having different permittivities (reported in Tab.
II).
The volunteers performed the pointing (Fig. 6.a) and prehension (Fig. 6.b) gestures firstly in a reference air condition
(i.e. without touching any object) and then and then by
touching three bottles (Fig. 6.c). The returned Sensor Codes2
(averaged over five measurements per user, each lasting 3
2 The

seconds) are reported in the bar plot in Fig. 7. The SC(air)
measured in the reference air condition are rather similar
(263 ± 7) despite different users and gestures, while the SCs
for the liquids appear very sensitive to both the specific user
and gesture.
User variability can be reduced by calibration. The
SCs measured were normalized by subtracting the average
SC(vinegar) value measured on the same user and gesture.
The resulting Differential Sensor Code (∆SC) metric greatly
reduces the interpersonal variability (Fig. 8) while maintaining
significant differences for each material through the volunteers.
It is worth noticing that the materials can be recognized even
in the most critical situations when considering only the raw
SC values would lead to ambiguities, e.g. the raw SC(alcohol)
of Female 1 is equal to the average raw SC(vinegar) of Female
2 (see Fig. 7). Moreover, the returned ∆SC while touching
the alcohol-filled bottle is very similar in both the prehension
and pointing case.

Magnus-S3 IC returns SC values between 0 and 511.

Table I
VOLUNTEERS ’ HAND DIMENSIONS .

Figure 7. Raw measured Sensor Codes over four volunteers and two different
gestures performed while touching different materials.
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Figure 8. Average and Standard Deviation of measured Differential Sensor
Code over four volunteers and two different gestures performed while touching
different materials. The average ∆SC of vinegar is null.

V. C ONCLUSIONS
An R-FAD system for the discrimination of dielectric
objects was introduced and experimentally evaluated over
four different subjects for the recognition of three liquids
having different dielectric properties. The Sensor Code metric
revealed rather sensitive to both the user and to the gesture
performed while touching the bottle. However, the interuser variability was greatly reduced by normalizing the raw
measured Sensor Code by the data obtained while touching
the highest-permittivity material. Future work can improve
the metric robustness by involving additional electromagnetic
indicators such as the power collected by the chip and the
phase of the backscattered field.
ACKNOWLEDGEMENTS
Work funded by Regione Lazio (by the way of Lazio
Innova), project SECOND SKIN. Ref. 85-2017-14774.
R EFERENCES

[8] V. Di Cecco, S. Amendola, P. P. Valentini and G. Marrocco, "FingerAugmented RFID system to restore peripheral thermal feeling", 2017
IEEE International Conference on RFID (RFID), Phoenix, AZ, 2017,
pp. 54-60.
[9] S. Amendola, V. Greco, G. M. Bianco, E. Daprati and G. Marrocco,
"Application of Radio-Finger Augmented Devices to Cognitive Neural
remapping," 2019 IEEE International Conference on RFID Technology
and Applications (RFID-TA), Pisa, Italy, 2019, pp. 258-262.
[10] Monzar R6 Tag Chip Datasheet, Application Note [Online]. Available:
https://support.impinj.com/hc/article_attachments
/115001963950/
Monza% 20R6%20Tag%20Chip%20Datasheet%20R5%2020170901.pdf
[11] RF Micron company, "RFM3300 datasheet - Magnus-S3 Passive Sensor
IC", RF Micron company, 2017.
[12] M. C. Caccami and G. Marrocco, "Electromagnetic Modeling of SelfTuning RFID Sensor Antennas in Linear and Nonlinear Regimes,", IEEE
Trans. Antennas Propagation, vol. 66, no. 6, pp. 2779-2787, June 2018.
[13] K. Zannas, H. El Matbouly, Y. Duroc and S. Tedjini, "Self-Tuning RFID
Tag: A New Approach for Temperature Sensing", in IEEE Transactions
on Microwave Theory and Techniques, vol. 66, no. 12, pp. 5885-5893,
Dec. 2018
[14] Axzon Inc., ”Chameleon™ Technology Enables Low-Cost
Sensors”, Texas, United States, 2016, [Online]. Available:
http://www.dwintech.com/chameleon_sensors_white_paper.pdf
[15] G. M. Bianco, G. Marrocco, “Fingertip Self-tuning RFID Antennas for
the Discrimination of Dielectric Objects”, 13th European Conference on
Antennas and Propagation (EuCAP), Krakow, Poland 2019
[16] Magnus™ UHF RFID Tag IC, RFID tag chip antenna design guideline,
Application Note [Online]. Available: www.rfmicron.com.
[17] M. C. Caccami, S, Manzari, G. Marrocco, “Phase-oriented Sensing by
means of Loaded UHF RFID Tags”, IEEE Trans. Antennas Propagat.,
Vol.63, N.10, pp.4512-4520, Oct. 2015
[18] C. Occhiuzzi and G. Marrocco, "Precision and Accuracy in UHF-RFID
Power Measurements for Passive Sensing", IEEE Sensors Journal, vol.
16, no. 9, pp. 3091-3098, May1, 2016.
[19] S. Orfanidis, Electromagnetic waves and Antennas. Rutgers university,
2016, pp. 677-679.
[20] A. Cataldo, E. Piuzzi, G. Cannazza, E. De Benedetto, L. Tarricone,
"Quality and anti-adulteration controlo of vegetable oils through microwave dielectric spectroscopy", Journal of the International Measurement Confederation, vol. 43, pp. 1031-1039, 2010.
[21] R.J. Sengwa, ”Comparative dielectric study of mono, di and trihydric
alcohols”, Indian Journal of Pure & Applied Physics, vol. 41, pp. 295300, 2003
[22] F. Tanaka, K. Morita, P. Mallikarjunan, Y.-C. Hung, G. O. I.
Ezeike,”Analysis of Dielectric Properties of Rice Vinegar and Sake”,
Transactions of the ASAE, American Society of Agricultural Engineers,
vol. 45, pp. 733-740, 2002.

[1] G. P. Fettweis, "The Tactile Internet: Applications and Challenges," in
IEEE Vehicular Technology Magazine, vol. 9, no. 1, pp. 64-70, March
2014
[2] G. C. Burdea and P. Coiffet, Virtual Reality Technology. Hoboken, NJ:
IEEE Press, 2003.
[3] M. Simsek, A. Aijaz, M. Dohler, J. Sachs and G. Fettweis, "5GEnabled Tactile Internet," in IEEE Journal on Selected Areas in
Communications, vol. 34, no. 3, pp. 460-473, March 2016. doi:
10.1109/JSAC.2016.2525398
[4] M. A. Lema et al., "5G case study of Internet of Skills: Slicing the human
senses," 2017 European Conference on Networks and Communications
(EuCNC), Oulu, 2017, pp. 1-6. doi: 10.1109/EuCNC.2017.7980762
[5] R. Shilkrot, J. Huber, J. Steimle, S. Nanayakkara, and P. Maes, "Digital
Digits: A Comprehensive Survey of Finger Augmentation Devices”,
ACM Comput. Surv. 48, 2, Article 30 (November 2015), 2015.
[6] L. Jiang, M. R. Cutkosky, J. Ruutiainen, and R. Raisamo, "Improving finger force control with vibrational haptic feedback for multiple
sclerosis", Proceedings of the 4th IASTED International Conference on
Telehealth and Assistive Technologies, Telehealth/AT ’08, Anaheim, CA,
USA, pp. 110-115, 2008.
[7] C. Su, L. Chan, C. Weng, R. Liang, K. Cheng, B. Chen, "NailDisplay:
Bringing an Always-Available Visual Display To Fingertips”, Proceedings of the Conference on Human Factors in Computing Systems, Paris,
France, 2013.vibrational haptic feedback for Multiple Sclerosis”, Proceedings of the IASTED International Conference on Telehealth/Assistive
Technologies,Telehealth/AT ’08, Anaheim, CA, USA, pp. 110-115, 2008.

Authorized licensed use limited to: Universita degli Studi di Roma Tor Vergata. Downloaded on December 04,2020 at 11:59:41 UTC from IEEE Xplore. Restrictions apply.

